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Abstract – The paper is mainly about the generation of the 

structured metadata by identifying documents which contain  

targeted information and this information is going to be 

subsequently useful for querying the database. We proposed 

adaptive techniques to suggest relevant attributes to annotate a 

document, trying  to satisfy the user querying needs. Our solution 

is based on a probabilistic framework that considers the evidence 

in the document content and the query workload. We present two 

ways to combine these two pieces of evidence, content value and 

querying value. 

Index Terms – Probabilistic framework, Collaborative Adaptive 

Data Sharing platform(CADS), datasets, annotations. 

1. INTRODUCTION 

There are many application domains where users create and 

share information; for instance, news blogs, scientific 

networks, social networking groups, or disaster management 

networks. Current information sharing tools, like content 

management software (e.g., Microsoft SharePoint), allow users 

to share documents and annotate (tag) them in an ad-hoc way. 

Similarly, Google Base [1] allows users to define attributes for 

their objects or choose from predefined templates. This 

annotation process can facilitate subsequent information 

discovery. In Dataspaces, users provide data integration hints 

at query time. The assumptionin such systems is that the data 

sources already contain structured information and the 

problem is to match the query attributes with the source 

attributes. Many systems, though, do not even have the basic 

“attribute-value” annotation that would make a “pay-as-you-

go” querying feasible. Annotations that use “attribute-value” 

pairs require users to be more principled in their annotation 

efforts. Users should know the underlying schema and field 

types to use; they should also know when to use each of these 

fields. With schemas that often have tens or even hundreds of 

available fields to fill, this task become complicated and bulky. 

This results in data entry users ignoring such annotation 

capabilities. Even if the system allows users to arbitrarily 

annotate the data with such attribute-value pairs, this task is 

difficult to perform for users. 

A contribution of our system is the direct use of the query 

workload to direct the annotation process, in addition to 

examining the content of the document. In this, we are trying 

to prioritize the annotation of documents towards generating 

attribute values for attributes that are often used by querying 

users. 

2. RELATED WORK 

2.1 Collaborative Annotation: 

There are several system that favor the collaborative annotation 

of objects and use previous annotations or tags for annotating  

new objects. There have been a significant amount of work in 

predicting the tags for documents or other resources ( web 

pages, images, videos) [1], [2], [3], [4], [5]. Depending on the 

object and the user involvement, this approaches have different 

assumptions on what is expected as an input, Though the goals 

are similar as the expect to find missing tags that are related 

with the object. We argue that our approach is different as we 

use the workload to increase the document visibility after the 

tagging process. Compared with the other approaches precision 

is a secondary goal as we expect that the annotator can improve 

the annotations on the process. In another way, the discovered 

tags assist on the tasks of retrieval instead of simply 

bookmarking. 

2.2 CAD: 

Collaborative Adaptive Data Sharing platform (CADS), which 

annotate data as we create  infrastructure that facilitates fielded 

data annotation. A contribution of our system is the direct use 



International Journal of Emerging Technologies in Engineering Research (IJETER)   

Volume 5, Issue 3, March (2017)                                                                          www.ijeter.everscience.org  

  

 

 

ISSN: 2454-6410                                               ©EverScience Publications       9 

    

of the query workload to direct the annotation process, in 

addition to examining the content of the document. This project 

is to prioritize the annotation of documents toward generating 

attribute values for attributes that are used by querying users. 

The goal of CADS is to encourage and lower the cost of 

creating nicely annotated documents that can be useful for 

commonly issued semi structured queries. Our  goal is to 

encourage the annotation of the documents at creation time, 

while the creator is still in the “document generation” phase, 

even though the techniques can also be used for post generation 

document annotation. In this, the author generates a new 

document and uploads it to the database. After  uploading the 

document, CADS analyzes the text and creates an adaptive 

insertion form. The form contains the best attribute names 

given the document text and the information need (query 

workload), and the most probable attribute values given the 

document text. 

3. PORPOSED MODELLING 

In this paper we are performing document annotation by using 

CADS technique .The workflow of the CAD is as follows: 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig 3.1: CADS PROCESS 

The CADS system has two types of actors: producers and 

consumers. Producers upload data in the CADS system   using 

interactive insertion forms and consumers search for relevant 

information using adaptive query forms. In the rest of the paper 

the term data usually refers to a document; other types of data 

are also possible, but we focus on documents for simplicity. 

Fig. 3.2 presents a typical CADS workflow.  

In the insertion phase  the submission of a new document to be 

included in the database. After uploading the document, CADS 

analyzes the text and creates an adaptive insertion form with 

the set of the most probable 〈attribute name, attribute value〉 
pairs to annotate the new document.       The user fills this form 

with the required information and submits it. The final stage 

consists of the storage of the associated document and metadata 

in the CADS database. 

 

Fig: 3.2:CADS WORKFLOW 

In the query phase, the adaptive query form is given to user 

which supports 〈attribute name, attribute value〉 conditions. 

Initially, before CADS has began learning the information 

demand through processing the query workload, the query 

form only specifies the default attributes. 

4. RESULTS AND DISCUSSIONS 

In this to address the problem of the probabilistic nature of the 

annotations, previous work on ranking under uncertainty must 

be adapted for the hybrid filter/ranking model of CADS 

querying. This incurs efficiency and scalability issues, which 

require execution algorithms to achieve real-time responses. 

We proposed CADS, a Collaborative Adaptive Data Sharing 

platform, which is a next-generation data sharing platform 

where the annotation and combination occur at both the data 

insertion (production) and querying (consumption) actions. A  

goal of CADS is to leverage the information demand  to create 

adaptive insertion and query forms. We believe that CADS has 

a great potential to improve many collaboration environments, 

and hence it is beneficial to follow research directions that will 

allow the realization of CADS. 

5. CONCLUSION 

We proposed adaptive techniques to suggest related attributes 

to annotate a document, while trying to satisfy the user 

querying needs. The system is based on a probabilistic 

framework that considers the evidence in the document content 

and  query workload. We present two ways to combine these 

two pieces of evidence, content value and querying value a 

model that considers both components conditionally 
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independent and a linear weighted model. This system suggest 

attributes that improve the visibility of the documents with 

respect to the query workload. That is, we show that using the 

query workload can greatly improve the annotation process and 

increase the utility of shared data. 
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